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Goal

* To assist radiologists in prioritizing which x-ray scans require more
immediate attention.

e Scans with detected Pneumonia can be addressed earlier than the
rest.



Dataset

* NIH chest x-ray data

e https://www.nih.gov/news-events/news-releases/nih-clinical-center-
provides-one-largest-publicly-available-chest-x-ray-datasets-scientific-
community

* 112,000 x-rays with disease labels (radiology report) for ~30,000
patients

* Training/Validation data: The data was split as 80/20 for training and
validation data


https://www.nih.gov/news-events/news-releases/nih-clinical-center-provides-one-largest-publicly-available-chest-x-ray-datasets-scientific-community
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Exploratory data analysis (gender distribution)
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Exploratory data analysis (intensity distribution
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Train/Validation split (gender distribution)
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Train/Validation split (Age distribution)
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Flowchart
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Training loss and accuracy
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Precision-recall curve
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Evaluation metric (F1 score)

precision * recall

F1 =2+« —
precision + recall
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http://arxiv.org/abs/1711.05225

Summary

* The model can assist radiologists in prioritizing which x-ray scans
require more immediate attention.

* Already performing at the level of radiologists.



